This study analyzes the distinction, both conceptually and operationally, between behavioral intentions and behavioral goals. This paper recognizes the importance of time orientation in the measurement of behavioral intentions, as defined by Fishbein and Ajzen (1975) . 
INTRODUCTION
ehavioral intention has been an important variable in many electronic commerce (eCommerce) studies (e.g., Loiacono, Watson, & Goodhue, 2007) . According to the Theory of Reasoned Action (TRA) (Fishbein & Ajzen, 1975) , the Theory of Planned Behavior (TPB) (Ajzen, 1991) and applied frameworks, such as the Technology Acceptance Model (TAM) (Davis, Bagozzi, & Warshaw, 1989 ), behavioral intention is considered an immediate antecedent of behavior (Davis et al., 1989) . In the context of eCommerce, it has been found to be closely correlated with consumers' behavior online. For instance, behavioral intention has been used to predict behaviors such as making an online purchase (Van der Heijden, Verhagen, & Creemers, 2003), intention to use a website (Gefen, Karahanna, & Straub, 2003 ; Van der Heijden, 2004) , intention to reuse a website (Loiacono et al., 2007) , continued use (Bhattacherjee, 2001b) , and revisiting a website ( Van der Heijden, 2004) , to name a few.
Although behavioral intention is often the ultimate endogenous variable in a research model, the link between intentions and actual behavior can be inhibited. In psychology, research has shown that there are inhibitors of both the intent to perform a behavior and the behavior itself (for a discussion, see Ajzen, 1991) . Further, in IS research, knowledge and resources have been identified as "barriers to technology adoption intent (e.g., Mathieson, 1991; Taylor & Todd, 1995) and actual usage behavior" (Taylor & Todd, 1995) " (Venkatesh & Brown, 2001, p. 76) . Interestingly, eCommerce researchers have integrated behavioral intention in their research models with the One of the inhibitors between the intention-behavior relationship is the time interval between the behavioral intention and the actual behavior (Fishbein & Ajzen, 1975) . The overarching goal of this study is to examine the effect of time interval on the intention-behavior relationship. More specifically, this study focuses on distinguishing between behavioral intentions that immediately precede behavior and behavioral goals which are focused on desired end states. The conceptual difference between these two constructs is the extent of time to the expected behavior. The theoretical implications of this distinction lie in the implications for predicting actual behavior.
In this paper, we focus on distinguishing between behavioral intentions and behavioral goals. We first review relevant literature to highlight the need for this conceptual distinction. We then explicitly define behavioral intentions and behavioral goals by reviewing the relevant literature. Additionally, we outline our study for empirically examining the discriminant validity of these constructs. Finally, the results of the study are discussed as well as the limitations and implications for theory and practice.
LITERATURE REVIEW
TAM is an extended version of the TRA framework that was adapted to a technology adoption context (Davis et al., 1989) . In our literature review, we reviewed studies which have operationalized behavioral intentions over a 15-year period, from acknowledged top IS journals 1 which yielded a sample of 52 studies. While this review was not exhaustive, it does give a good indication of the use of behavioral intentions in IS research (see Table 1 ). Karahanna et al., 1999 ) and a year (Wixom & Todd, 2005) . The TAM study, which is largely cited in the justification of behavioral intention, actually uses an adoption context of two weeks (Davis et al., 1989) . Although many of these studies in behavioral intention research refrain from referencing a specific time orientation, here we review the implications (conceptually and operationally) that time orientation has on the use of behavioral intention in IS research.
Behavioral Intentions in IS Research
Fishbein and Ajzen (1975) introduced TRA, which included a modern definition of intentions. According to them, behavioral intention "is a measure of the strength of one's intention to perform a specified behavior" (Fishbein & Ajzen, 1975 , p. 288). They also proposed that the strength of the intention-behavior relationship is theorized to diminish over time. More specifically, "given that intentions are subject to change between the time of intention measurement and behavioral performance, one would expect the intention-behavior correlation to diminish with increased elapsed time" (Fishbein & Ajzen, 1975, p. 370) . The correlation of intention to behavior is dependent on the intention's time orientation in relation to the behavior. Therefore, it is important to distinguish the difference between immediate intentions and longer-term goals.
Unfortunately, few studies in IS research consider the time orientation. However, some researchers have avoided the possibility of this inference by measuring the observed intention-behavior correlation (e.g., Venkatesh & Davis, 2000) . In this study, the influence that time orientation has on the use of behavioral intention in the context of e-Commerce is examined. The term 'behavioral goals' represents the longer-term goals that are theorized to have less predictive ability for actual behavior. Next, the distinction between behavioral goals and behavioral intentions is reviewed.
Behavioral Goals
Goals are "desired states one aims to attain" (Custers & Aarts, 2005) . A behavioral goal, therefore, would be the desire to behave in a specific way. Warshaw and Davis (1985a, p. 600) define behavioral goals as follows:
As formulated by Fishbein and Ajzen (1975) , behavioral intention is the immediate psychological determinant of purely volitional behavior. Therefore, it does not apply when the probability of performing a behavior that is not consciously attempted is greater than 0.0 (e.g., habits) or when the probability of performing a behavior that is consciously attempted is less than 1.0 (e.g., behavioral impediments). The intention model is routinely, although inappropriately, applied in contexts where habits or impediments are operative (Warshaw et al., in press ). We shall refer to behaviors where lack of ability, lack of opportunity, habits, or environmental impediments prevent the performance of attempted behavior as behavioral goals.
Similar conceptualizations of this concept have been labeled behavioral expectations (Warshaw & Davis, 1985a ) and desires (Perugini & Bagozzi, 2001 ).
The Model of Goal Directed Behavior (MGB) is an extension of the TPB which considers behavioral volitions in the context of purposive behavior, the pursuit of a goal (Perugini & Bagozzi, 2001 ). According to Perugini and Conner (Perugini & Conner, 2000 , p. 705), "most behaviors are functional to the achievement of an overarching goal." MGB introduces desire, a construct which "represent[s] the motivational state of mind wherein appraisals and reasons to act are transformed into a motivation to do so" which is similar to Warshaw and Davis's (Warshaw & Davis, 1985a , 1985b ) conceptualization of behavioral goals. These desired end states mediate the effects of attitudes, social norms, and other antecedents to behavioral intentions, thus becoming itself the most proximal determinant of behavioral intention (Perugini & Bagozzi, 2001; Perugini & Conner, 2000) . Thus the theoretical and practical implications of the distinction between behavioral intention and behavioral goal are evident.
HYPOTHESIS DEVELOPMENT
An important distinction between behavioral goals and behavioral intention is the assumption of purely volitional behavior, which implies a deliberate intention to behave in a certain way. Goals, unlike intentions, do not assume pure volitional behavior. One may desire to attain the behavioral goal, but impediments may affect whether that behavioral state is achieved (Ajzen, 1991; Venkatesh & Brown, 2001; Warshaw & Davis, 1985a) . For example, one may have a behavioral goal to adopt a technology (e.g., smart phone). However, high switching costs imposed by a contract impede the actual behavior. Thus, the expected behavior is never realized.
We posit that the time orientation of items used in the measurement of behavioral intention and behavioral goal is key to the distinction between these two constructs. In past IS research, the conceptual boundaries of behavioral intentions measures have been blurred. Some items which claim to measure "long-term" behavioral intention actually may measure behavioral goals. These long-term items cannot measure behavioral intention because pure volitional behavior cannot be assumed for longer durations. Over longer durations, behavior is likely to be influenced by impediments. Therefore, many of these long-term items probably measure behavioral goal rather than behavioral intention. Therefore, we hypothesize that time orientation in questionnaire items related to behavior distinguishes behavioral intentions with a short-term focus and behavioral goals with a long-term focus, and these two constructs are distinct.
Hypothesis:
Behavioral Intentions and Behavioral Goals are distinct constructs.
METHOD
All research methods have strengths and weaknesses (Dennis & Valacich, 2001) . McGrath (1982) proposed that all research methods could be evaluated along three dimensions. The first is generalizability with respect to populations and the second is realism for the participants. And the final dimension is the precision in the control and measurement of variables. It is not only difficult, but impossible, to maximize all three dimensions with any one study (McGrath, 1982) . Given that this research is focused on examining measurement items, we have emphasized internal control and precision. This study utilizes a laboratory experiment. Analysis was conducted using structural equation modeling (SEM) with EQS 6.1 software.
Measurement Items
In order to test the discriminant validity of behavioral intentions and behavioral goals, items were developed to represent three different time orientations for the adoption of a website: 1) website use (no time distinction; e.g., Venkatesh & Morris, 2000), 2) the behavioral goal of establishing a long-term relationship with a website (e.g., continuance or revisit), and 3) short-term behavioral intention to use the website for an impulse purchase (e.g., impulse purchases -e.g., Koufaris These constructs were chosen with the deliberate attempt to keep the context of the constructs constant. All of these constructs are manifest in an eCommerce context with a website. Therefore, the variations of responses from participants can reasonably not be linked to the object of the intention (i.e., website versus some other type of technology), but the time orientation.
Instrument Development and Pilot Studies
The development of the psychometric instrument measuring the constructs involved in this study followed the following process: item generation, factor analysis, reliability analysis, and validity analysis. Two separate and independent samples (not included here) were used in this process. An exploratory data analysis was performed on the first sample and the second sample was used to confirm the results of the first (Byrne & Stewart, 2006) . As the first step, a bank of items was generated that could potentially measure the constructs of interest. The first sample of 395 undergraduate students was used for exploratory analysis and a second sample of 275 undergraduate and graduate students was used to confirm the results of the first sample. Results from these samples indicate that the instrument is psychometrically sound. The items that resulted from this development can be found in the Appendix. Further evidence is also provided here.
Variance Manipulations
Website treatments were created for the purpose of this study. The website represented a fictitious company selling t-shirts -Pac10-tees.com. As this study was used to determine the discriminant validity of constructs related to behavior, treatments were developed that were expected to influence such intentions and goals to provide sufficient variance in these variables. This study employed a 2 (high/low visual appeal) x 2 (high/low website functionality) between-subjects design. Visual appeal was manipulated in the website treatment by having a high/low level of eye-pleasing and professional features. A screen shot of this manipulation is available in Figure 1 . Website functionality was manipulated with a 3-to 5-second download delay (present/absent). Manipulation checks of these manipulations supported that participants perceived a significant difference between these conditions.
Figure 1: Screen Shots of Web Interfaces

Participants and Task
The subject pool for this experiment consisted of 458 college undergraduate students from various management information systems courses (upper and lower divisions). The average age of the subjects was 20.54 and there were 302 (62.58%) men. According to the Pew Internet & American Life Project (Jones & Fox, 2005) , Internet users are between 18 and 32 years old and this segment of consumers represents one of the largest that actively engages in online shopping. Thus, the students were deemed appropriate for this study. Students received course credit -approximately 1% of their final grade -for participating in this study.
Subjects were briefed on the procedures of the experiment and participated in an initial survey that gathered basic demographic information. The subjects were then randomly assigned to website treatments. A scenario-based task was used in conjunction with the websites of a fictitious organization. The participants were given a scenario designed not only to expose them to various aspects of the website and increase the realism of the experience, but also to search for and purchase a specific item. After exposure to the treatment, subjects completed a survey instrument. Table 2 reports an assessment of the measurement model for the three constructs. The reliability analysis for the constructs used the Cronbach alpha and the composite reliability scores calculated from standardized factor loadings (Werts, Linn, & Joreskog, 1974) . Convergent validity was assessed by examining the factor loadings in SEM and the average variance extracted (AVE) of each construct (see Table 3 ). Discriminant validity was assessed by comparing the AVE of each construct with the squared correlation with other constructs. Convergent validity, discriminant validity, and reliability of the measurement instruments were demonstrated in this sample. Also, the measurement model demonstrated good fit. (Fornell & Larcker, 1981) . Each AVE should be greater than the squared correlations with other constructs for discriminant validity (Anderson & Gerbing, 1988) .
Hypothesis Testing
Hypothesis testing was conducted using a confirmatory factor analysis (CFA) with covariance-based structural equation modeling to compare the different factor structures. The possible factor structures are 1) that all observed variables measure the same construct (one construct with 9 observed variables), 2) three distinct factors underlie the observed variables, or 3) two factors underlie the observed variables. Therefore, a series of CFAs were conducted for comparison purposes. The interpretation of the results was done by reference to the fit statistics (to determine if the observed data sufficiently supported the theoretical model imposed), χ 2 difference tests (appropriate for nested models only), and comparison of the Akaike Information Criterion (AIC) which was developed to compare fit across non-nested models (lower values signify a better fit). See Figures 2 and 3 and Tables 4 through 6 for the results of these CFAs. By conducting a χ 2 difference test of the above nested models, we see that the ∆χ 2 between the nested models is 1296.07 with ∆ df of 3. This is significant p > .0001 (Baker, 2000) . We can conclude that these observed variables are most appropriately (according to this sample) modeled with three separate and distinct constructs. This is also supported by the AVE analysis in Table 3 . Thus, these results support our hypothesis.
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The above figures explicitly test our hypothesis. The following tables summarize the results for 3 additional CFAs which can be used to rule out alternative explanations of the above results by inference and to provide further support for our hypothesis. By examining the possible pairings of the three underlying factors, we can infer that no one construct is driving the poor fit seen in Figure 3 . Also, a comparison of the AIC fit statistics shows that these pairings (Tables 4-6) result in poorer fit than the three-factor CFA. 
RESULTS
Results indicate that there is a distinction between behavioral intentions and behavioral goals based on the way items are operationalized. The different time orientation of the items included in this study shows a representation of discriminant factors.
DISCUSSION AND CONCLUSIONS
The goal of this research was to distinguish between behavioral intentions and behavioral goals. In this article, we provide support for the conceptual difference between behavioral intentions and behavioral goals. Further, the results of this study support the empirical distinction between these two constructs.
The results of this study provide two key insights. As evidenced in the literature review, the intentionbehavior relationship is often taken for granted. Some researchers specify the time orientation when using behavioral intention, but some researchers fail to do so. The results of this study clearly indicate that researchers must be careful in faithfully applying the correct conceptual definition with the appropriate operationalization. In the current study, the distinction between behavioral intentions and behavioral goals was tested and obvious in an eCommerce context, stressing the need for researchers to specify the time orientation of behavioral intention in their studies. In the context of eCommerce, various impediments are existent, such as the availability of alternative products or better deals that might affect the occurrence of the actual behavior. Therefore, we recommend that researchers use caution in operationalizing the time orientation of their items. For example, the use of behavioral intentions should reference relatively short time frames, as opposed to behavioral goals, in the context of eCommerce research unless the researchers are specifically studying continued use, revisit, or customer loyalty.
Our results also have implications for online retailers or e-retailers. At various websites (e.g., Amazon.com), online users have the option of placing items they really want, but cannot purchase at the present time, in a wish list, with the intention of later acquiring the items. Online marketers should offer attractive incentives on these particular items in a timely manner as the longer an item is in the wish list, the lower the probability that the consumer will buy it. Thus, to increase the likelihood that an actual purchase will occur, the marketer should offer attractive incentives that would lead to the consumer buying the product immediately, instead of putting it in a wish list.
As with any study, this study is not without limitations. First, the study involves the use of students as well as scenarios in an experimental setting. This controlled setting limits the generalizability of our findings. Thus, there
